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ABSTRACT

We propose the modified neural network which are paralleled to control nonlinear systems. The proposed
method is a direct control method to use inverse model of the plant. Nonlinear systems are divided into
two parts; linear part and nonlinear part, and it is controlled by RLS method and recursive multi-layer
neural network with each other.

We simulate to verify the performance of the proposed method and are compared with conventional
direct neural network control method. The proposed control method is improved the control performance

than the conventional method.
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