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ABSTRACT

In this paper, we propose an adaptive thresholding for edge detection. First, we get histograms for
background image and image with moving object, respectively. Then we make difference histogram between
histograms of background and object image. A thresholding value is decided using gradient of peak to peak
in the difference histogram. The experimentation is processed using a moving car in the road. The result is
that edge is detected well regardless of the brightness.
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Fig 1. Ideal difference histogram
(a) a case of darker object than background
(b) a case of lighter object than background
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Fig. 2. Algorithm for adaptive thresholding
value
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Fig 3. Gray level image for input images
(a) background image (b) yellow car image
(c) gray car image (d) black car image
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(a) Histogram of the yellow car

gray car difference itogram
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(b) Histogram of the gray car

black car diference histogram
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(c) Histogram of the black car
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Fig. 4. Difference histogram for background
image and input images
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Fig. 5. Edge extraction images using fixed
threshold value and the proposed
method.
(@), (c) and (e) edge extraction images
using fixed thresholding value
{(b), (d) and (f) edge extraction images
using the proposed method
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Table 1. Gradient and thresholding values

Yellow Gray Black

Car Car Car
|G| 90.0667 182.5 459.1429
g(G) 4.5005 5.2067 6.12.93
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