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“Left Shoulder” Detection in Korea Composite Stock Price Index
Using an Auto—Associative Neural Network and Sign Variables
Jin-Woo Baek Sung-Zoon Cho
Dept. of Industrial Engineering, Seoul National University

Abstract neos

We proposed a neural network based 0012 1 et shouer \| .l) ﬁh\'snw{a‘er
“left  shoulder” detector. The auto- Dot 1 y'qg _'Jéfﬁl_%‘:_/ neck ang
associative neural network was trained 0010 ’f'w’ tl}\‘;\_ﬁ,ﬂ,-ﬁgc._,,,,,e,
with the "left shoulder” patterns obtained 0.609 1 ’}1;’, } u&l%'-.\\
from the Korea Composite Stock Price ocos|{ ‘}fl{l ?II /M/ »szeg?;;;;év,,,l% Iﬂhl‘*ﬂ;\ *J}’
Index, and then tested out-of-sample with 007 i‘"” & §.|4,'{? o d
a reasonably good result. A hypothetical "H{j;j"'
investment strategy based on the detector e
achieved a return of 132% in comparison

with 39% return from a buy and hold

strategy
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FRR 244 % (22 days / 90 days)
FAR 12.4 % (32 days / 258 days)

LS Az g%t 94 &
Buy and Holde] 4 &

132 % (693.4 points /524.9 points)
39 % (203.9 points / 524.9 points)

LS AZo o&) AHE & Hfde o
A7t e £ WS 3 o= JHA
sz Adn &3 FAN LS gon 7HA
st ot

X 12 H2E do]E(1999d 3¥-2000 7
d)el- AANN9 AH5E AN Axg A
2l3l Aoltt LS lzo] 9§ FJFo] ¢
132%7} vrskoh. o] AL buy and holdell <] %
FAdELY AT B

3lH FRR# FARZtOl & trade off7}
ThresholdE& |8 FARL €&+
FRR2 F7tstAl €t

o
2

AT
A

=2

.

5 2

B sRdMe AA%EE Vvtez "mEo
78 (head and shoulder formation)’¢] "€%
o] A B (left shoulder)’& AZEdE YEES A
otatdch 23709 <1997 4¥€-1999d 2
2)e] FFFHAF dolgolA AF QY
o] P Foz AIAASE ARG
(Auto-Associative Neural Network)S &
AR 283 1999d@ 3€-20003 7¥€7HA &
HolHZ H2EE Ao &F deolg 7|3t
Wl IMF7F ks A S 138 9 23
vy $FstEch LS AE AT 93

o

fu.

Ao FoFol 132%RT o9t HlEEA
Buy and hold®l Az¥e] 39%%Act £ =79

A Aetd wRldle 2 JHA Age] i

A, A5S A7 AT F7hido]
Ak & & U oE Exo

o] &3t Aolrl WEd HH3I] FrtEte
LS9 7Z 9% False Acceptance Rate®} False
Rejection Rate®= ©1& FTAsIA 9w x X3
o EA4, LS A& A3zE AF IY Az(4
Fyoltt. A1Z 2] Az BEX GA AlFelA
UJoE As F9A F83t. o] FAE L&

3L
(<3
2 2~
S A

3

_‘

=

=

-32-

B’

o] 7} (Right Shoulder) &< w&(Head)&
5 Aoz A2 F QY FEFA
2 353 AANNS olg3le mAd X

g2 fEEE $8Fe dFE Iz

Aolty, Zglm LSEu olyE g Y
S 48 9 OFEY, YAY, SdPFS
st HEse AE K8 Aot

=
~

M o £ > o J

=2

Zn

2 47 A 4% R 3% A7 Z2a3H
T4z 21 T2 AE YL B

6. 33 &3

[11 S. Cho, C. Han, D. Han, & H.

Kim.(2000). Web based Keystroke Dynamics
Identity Verification using Neural Network.
Journal of Organizational Computing and
Electronic Commerce. In print

[21 C. Bishop.(1995). Neural networks for
pattern recognition. Oxford: clarendon press.
[3] V. Guralnik, J. Srivastava.(1999). Event
Detection from time Series Data. KDD-99
Proceeding of the fifth ACM SIGKDD
Knowledge
Discovery and Data Mining. pp 33-42.

[4] G. Deboeck.(1994). Trading on The
Edge. John Wiley & Sons, Inc.

[5] W.Eng.(1988). The Technical Analysis of
Stocks, Options & Futures. McGraw-Hill.
[6] TradeTalk company.(2000). "TraderTalk,
Head & Shoulder Formations. htm” http://
www.tradertalk.com/tutorial/h&s.html.
{71 Borsanaliz.com company.(2000).

International Conference on

"Tools
for technical analysis stock exchange”,
http://www.geocities.com/wallstreet/floor/103
5/fo rmations.htm

8] B=r=AAHYA.(2000). "KOSPI & KOSPI
200", http.//www kse.or.kr.



