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Detection of Road Features Using MRF in Radar Images
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Abstract

We propose an algorithm for almost unsupe-
rvised detection of linear structures, in particu—
lar ,axes in road network and river, as seen in
synthetics aperture radar (SAR) images. The
first is local step and used to extract linear
features from the speckle radar image, which
are treated as road segment candidates. We
present two local line detectors as well as a
method for fusing information from these dete-
ctors. The second is global step, we identify
the real roads among the segment candidates
by defining a Markov random field (MRF) on
a set of segments, which introduces contextual
knowledge about the shape of road objects.
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