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ABSTRACT
We constructed MrHumor System which analyzes the preferences of users on intemet, learning
collaborative filtering technique, and recommends unrated humor documents to the users. In
MuHumor, the vector space of rating vectors of users on humor documents is defined and
transformed to 2-dimensional space by PCA to be immune to noises and to operate effectively,
where the preferences of new documents are predicted using adaptive k-NN with statistical

characteristics of humor documents.
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