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Alphabetical Gesture Recognition using HMM
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Ahsiract
The wuse of hand gesture promdes an altvactive allernative to  cumbersome

interface demices for humap-computer interaction(HCI). Many methods for hand

gesture recogiuition using visual analysis

have been proposed such as syrtactical

analysts, neural network(NN), Hidden Markev Model(HMM) and so on. [n our
research, 1 HMMs is proposed for alphabetical hand gesture recogmibon. I the

preprocessuig stage, the proposed approach

consists of three different procedures for

hand localization, hand tracking and gesture spotfing. The hand Tocation procedure

detects the candidated vegrons on the basis of skin-color and wmetion wm an mage

by wsing a coler histogram malclung and thne-varying edge difference techriques.

The hand tracking algoriflun finds the cenfrond of a moving hand region, connect

those centrowds, and thus, produces a frajectory. The spottng algoriflum divides the

trajectory wito real aid meanmgless gestures In constructing a feature database,

the proposed appronch use the mesh feature code for codebook of HMM In our

experiments, 1300 alphobetical and 13G0

inndrmuned gestures are wsed for branung

and testing, respectively. Those expermental vesulfs demonstrate that the proposed

approach welds o Jigher and  satisfinng
different sizes, shapes and skew angles.
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