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Al | 2641508 | 2861210 1524677
A2 | 2268608 | 2509068 1522002
A3 | 2899083 | 2663903 1239005
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A8 | 3402795 | 1791539 837131
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Al0 | 2665721 2068364 1350749
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Al 2.2046 3.2246 1.5887
A2 2.3230 3.6769 5.1849
A3 1.6462 28146 0.9237
Ad 1.4908 1.2356 0.9006
A5 1.9339 25722 27840
A6 25158 3.0860 5.1817
A7 1.9565 1.2286 0.8341
A8 1.4229 26801 0.5225
A9 1.8334 0.9966 3.1254
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B6 2.5520 28133 06228
B7 2.4401 84695 0.7146
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B9 2.02381 17277 1.1632
B10 2.6269 29188 0.9808
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