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Denoising in the Wavelet Domain Using Local Statistics
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Abstract

This paper presents a denoising algorithm that
can suppress additive noise components while
preserving signal components in the wavelet
domain. The algorithm uses the local statistics of
wavelet coefficients to attenuate noise components
adaptively. Then threshohding operation is
followed to reject the residuary noise components
in the wavelet coefficients.

Simulations are carried out over 1-D signals
corrupted by Gaussian noise and the experimental
results show the effectiveness of the proposed
algorithm.
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