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3  Yoshikawa’t #Ajg& =Rde] DNA Coding

Abstract Method" ¢},
In this paper, we propose a new neural network £ =%9X e DNA Coding Method® 4%z
based on the DNA coding method. The initial 25 A4A R A3tel S&3 Bt 2 17 2o) 3§
population of the structure information and the U9l chromosomedo] ETHE GeneE2 72 2Rl
weights for the neural network is generated, and 4&3E NodeE& TAAIIY BAE nodeE e X3
then the descendants are chose with the Elitist o2 Y 4 %ili‘“o“’] T4€d. 0
selection by the genetic algorithm. The evolutionary
technique and the suitable fitness measure are used @ @ Gene II
to find a neural network with the fractal number of 7 4 >
layers, which represents a good approximation to o @EEEAAGA AC/P/ GTTCTG
the given function. His Cys  Ser Leu Lys
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Table 1. Amino acid table
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Table 2. Amino acid translation table
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V. Simulation result
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i) XOR Problem
Pop size : 50
cross over rate 0.8
mutation rate : 3/(DNA length) 1
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ii )} Sine function _zipprq§im§\t_i9£1__
Pop size : 100
cross over rate 0.5
mutation rate : 10/(DNA length)
a‘l, £:0.0003 7:0.0003
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iii) 2D function approximation ( y= x1*sin(x2))
!Pop size : 100
'cross over rate 0.5
“mutation rate : 10/(DNA length)
cal, £:0.0003 7r:0.0003
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