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Abstract - This paper presents a new approach for the
optimal routing problem of distribution system planning using
the well known Hopfield Neural Network(HNN) method. The
optimal routing problem(ORP) in distribution system
planning{DSP) is generally formulated as combinational
mixed integer problem with various equality and inequality
constraints. For the exceeding nonlinear characteristics of the
ORP most of the conventional mathematical methods often
lead to a local minimum. In this paper, a new approach
was made using the HNN method for the ORP to overcome
those disadvantages. And for this approach, a appropriately
designed energy function suited for the ORP was proposed.
The proposed algorithm has been evaluated through the
sample distribution planning problem and the simulation
results are presented.
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Fig 1. Neural Network and Sigmoid function
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Fig 5. Convergence Characteristic of Energy function
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