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The FPNN Algorithm combined with fuzzy inference rules and PNN structure
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Abstract - In this paper, the FPNN(Fuzzy
Polynomial Neural Networks) algorithm with
multi-layer fuzzy inference structure is
proposed for the model identification of a
complex nonlinear system. The FPNN structure
is generated from the mutual combination of
PNN (Polynomial Neural Network) structure and
fuzzy inference method. The PNN extended
from the GMDH(Group Method of Data
Handling) uses several types of polynomials
such as linear, quadratic and modified
quadratic besides the biquadratic polynomial
used in the GMDH. In the fuzzy inference
method, simplified and regression polynomial
inference method which is based on the
consequence of fuzzy rule expressed with a
polynomial such as linear, quadratic and
modified quadratic equation are used. Each
node of the FPNN is defined as a fuzzy rule
and its structure is a kind of fuzzy-neural
networks. Gas furnace data used to evaluate
the performance of our proposed model.
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