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QRS classification for automated ECG diagnosis
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Department of Biomedical Engineering, College of Health Science, Yonsei University.

ABSTRACT

The most important wave set in ECG is the
QRS complex. Automatic classification of the QRS
complex is very useful in the diagnosis of cardiac
dysfunction. Also, diagnosis is influenced by
selection of dominant beat.

In this paper, we propose simple algorithm for
QRS detection. And we determine correlation
between significan attributes of QRS complexs.

We evaluated the efficiency of proposed method
with the CSE database.
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Fig 1. Frequency response of the highpass filter
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Fig 2. Frequency response of the lowpass filter
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Fig 3. Example of QRS detection (a) Orignal ECG
(b) Processed ECG
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Fig 4. (a) Orignal ECG (b) Processed ECG (c)
Simplified ECG
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Fig 9. Result of lead V6 in mol 028.dcd
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