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ABSTRACT

We are exposed to the various external stimuli input
from the environment, which cause emotional changes
based on the characteristics of the stimuli. Unfortunately,
there are no quantitative results on relationship between
human sensibility and the characteristics of physiological
signals. The objective of this study was to quantify EEG
signals evoked by auditory stimulation based on the
assumnption that the analysis of the variability on the
characteristics of the EEG waveform may provide the
significant information regarding changes in psychological
states of the subject. The experiment was devised with
seven experimental conditions, which are control and six
different types of auditory stimulation. Six subjects were
used to obtain EEGs while introducing auditory
stimulation. Wavelet transformation was employed to
analyze the EEG signals. The results showed that the
reconstructed signals at the decomposition level revealed
the different energy value on the EEG signals. Also,
general patterns of EEG signals in rest state compare
with negative and positive stimulus were found. This
study could be extended to estabilish an algorithm which
distinguishes psychophysiological states of the subjects
exposed to the auditory stimulation.
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