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Abstract

System identification is the task of inferring a mathematical description of a dynamic
system from a series of measurements on the system. There are several motives, for
establishing mathematical descriptions of dynamic systems. Typical applications encompass
simulation, prediction, fault diagnostics, and control system design. The paper demonstrates
that neural networks can be used effective for the identification of nonlinear dynamical
systems. The content of this paper concerns dynamic neural network models, where not all
inputs to and outputs from the networks are measurable. Only one model type is treated,
the well-known Innovation State Space model(Kalman Predictor). The identification is based
only on input/output measurements, so in fact a non-linear Extended Kalman Filter problem
is solved. Even for linear models this is a non-linear problem without any assurance of
convergence, and in spite of this fact an attempt is made to apply the principles from linear
models, and extend them to non-linear models. Computer simulation results reveal that the
identification scheme suggested are practically feasible.
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