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Abstract

This paper presents a visual servoing of RV-M2 robot manipulators to track and grasp moving object, using
pruned dyanmic recurrent neural networks(DRNN). The object is stationary in the robot work space and the
robot is tracking and grasping the object by using CCD camera mounted on the end-effector. In order to
optimize the structure of DRNN, we decide the node whether delete or add, by mutation probability, first in
case of delete node, the node which have minimum sum of input weight is actually deleted, and then in case
of add node, the weight is connected according to the number of case which added node can reach the other
nodes. Using evolutionary programming(EP) that search the structure and weight of the DRNN, and evolution
strategies(ES) which train the weight of neuron, we pruned the net structure of DRNN. We applied the DRNN
“to the Visual Servoing of a robot manipulators to control position and orientation of the end-effector, and the
validity and effectiveness of the proposed control scheme will be verified by computer simulations.

Keyword : dynamic recurrent neural network, evolutionary programming, evolution strategies, visual servoing.
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