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Abstracts In this paper, we present an associative memory network (AMN) controller for dynamic robot control. The
purpose of using ANMN is to reduce the size of required memory in storing and recalling large of data representing input
relationship of nonlinear functions. With the capability. ANMN can be used to dynamic robot control. which has nonlinear
properties inherently. The proposed AMN control scheme has advantages for the inverse dynamics learning. no limitation
of input range. and insensitive of payload change. Computer simulations show the effectiveness and feasibility of proposed

scheme.
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Table 1 Parameter values of the unloaded manipulator
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Fig. 1 Memory mapping structure of ANN
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AMN controller: after 1stiteration
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AMN controller: after 20th iterarion
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