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Abstract
Controller.

In the study,

characteristics was also studied for the expected

Simulation result was studied by connecting PID Controller in
Neural Network model is composed of two layers to evaluate tracking
error to be minimized by using Widrow-Hoff delta rule.
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Networks
The reqular dynamic

series to the established Neural
performance improvement.
As a result of the study.

We identified that tracking performance inprovement was developed more in case of connecting PID than Neural Network Controller and

that tracking plant parameter in

251 sample was approached rapidly in case of time variable.

Kevword Neural network. Widow-Hoft, learning rule. Backpropogation
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Fig. 1. Neural model of the plant
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Fig. 3. Adaptive control scheme
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