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A Study on the Load Frequency Control of 2-Area Power System
Using Neural Network PID Controller
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* Dong—-A University **Changwon Polytechnique College

Abstract — This paper has presented a method
for self-tuning the PID controller using a BP
method of multilayered NNs. The proposed
controller employ input signal as a learning
signal of PID control. The proposed controller is
applied to load-frequency control of power
system and it is investigated a dynamic
characteristic. The simulation results shows that
proposed NN STPID controller has the good
dynamics responses against load disturbances.
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Fig 1. Block-diagram for LFC of nonlinear 2 -area
power system
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Fig 2. Multilayered Neural Network Structure
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Fig 3. Neural Network Self -~ Tuning PID Controller
for Area i
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Fig 4. Learning Pattern of NN STPID Controller
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Area Area 1 Area 2 |
Parametd Z-N_|[NNSTPID | Z-N |NNSTPID |
Kp 3417 3783  [3417| 4051 |

Ki 4265 4772 14265, 4758 |

Ko 0683| 1.133 [0683] 1236 |
Table 1. Converged PID Parameters by Z-N

Method and NN STPID.
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Fig 5. Convergence procedures of PID parameters
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Fig 6. Dynamic Responses of power system by
Optimal, PID and NN STPRID Controller(4Py; =0.01,
APy = 0.0{p.u))
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