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Abstract

Evoked potentials signals occur as a result of
neuroelectric responses of the brain to sensory
stimulation. In this paper, to analysis such signals
we utilize a time-frequency analysis techinique
called wavelet transform. The wavelet analysis is
performed based on a single prototype function
,which can be thought of as a bandpass filter.
Because the wavelet transform in a fine temporal
analysis decomposes time-varying signals in EP
into a dilated lowpass and a contracted highpass
components, EP signal fetures can be obtained and
analyzed quantitatively at the levels of resolution.
In the results, we analyze the VEP signal with the
wavelet transform.
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