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Abstract

In this paper, a general neural-network-based connectionist model, called Fuzzy Neural Network(FNN), is

proposed for the realization of a fuzzy logic control system.

The proposed FNN is a feedforward

multi-layered network which integrates the basic elements and functions of a trditional fuzzy logic controller

into a connectionist structure which has distributed learning abilities. Such FNN can be constructed from

training examples by learning rule, and the connectionist structure can be trained to develop fuzzy logic rules

and find optimal input/output membership functions.

Computer simulation examples will be presented to

illustrate the performance and applicability of the proposed FNN, and their associated learning algorithms.
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