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Neural Network based Position Estimation of
Mobile Robot in Slippery Environment

Choi Dong Yup®. Cho Hyung Suck™*
*KIMM., **KAIST

ABSTRACT

This paper presents neural network based position
estimation method in slippery environment as an
approach to solve one of problems which are engaged in
dead reckoning method. Position estimator is composed
of slip detector and linear velocity estimator. Both of
them are based on the fact that dynamic characteristic
of mobile robot in slippery environment is different from
the case without slip. To find out the dynamic relation
among driving torque, angular acceleration of driving
robot,

accelerometer is used for measuring acceleration of

wheel and linear acceleration of mobile
mobile robot and neural network is used for dynamic

system identifier in slippery environment.
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