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A Study on the Active Noise Control Using Generalized CLMS

* Hee-Seung Na and Youngjin Park
Center for Noise and Vibration Control(NOVlCl
Department of Mechanical Engineering, KAIST

ABSTRACT

Conventional active control algorithm for duct system is
developed without considering problems of constrained
structure. Therefore it destroys the constrained structures of
the weights or parameters. A new LMS algorithm, which does
keep the constraints, is proposed for systems with known
constrained structure. It is based on error-back propagation.
The stability analysis and simulation example are also
included.
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