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Control of a Batch Reactor Using

Iterative Learning

o Moon Gi Che Sung Ho Bang Jin Won Cho Kwang Soon Lee

Dept. of Chem. Eng. Sogang University

ABSTRACT

The iterative learning operation has been utilized
in the temperature control of a batch reactor. A generic
form of feedback-assisted first-order learning control
scheme was constructed and then various design and
operation modes were derived through convergence and
robustness analysis in the frequency domain, The proposed
learning control scheme was then implemented on a bench
scale batch reactor with the heat of reaction simulated
by an electric hearter. The results show a great

improvement in the performancen of control as the number

of batch operations progressed.
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Fig. 1. Block diagram of feedback-assisted first-order
learning control 1oop.
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Fig. 2. Bode plot of a typical loop gain (a) and
allowable mode! error bound for convergence (b).
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